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Abstract

With the rapid development of police informationization, police big data has
gradually formed, which provides the possibility of using police big data and
statistical modeling methods to help smart police construction.In the background, the
use of alarm data to carry out crime prediction has become a new research
hotspot.This paper firstly analyzes the data of 110 burglary alarms in Wuhan City
from January 3, 2015 to April 30, 2019, from two dimensions of time and space.On
this basis, according to the spatial and temporal distribution characteristics of the
crime of burglary, a binarized long short-term memory crime prediction model
(BD-LSTM) and a frequency statistics long short-term memory crime prediction
model (RD-LSTM) were constructed respectively.Then, through the deep learning
training, the optimal performance values of the parameters such as iteration times,
look-back days, spatial dependence and dropout rates are obtained.Finally, using the
prediction model under optimal parameters, the probability of occurrence of daily
cases in Wuhan and the number of cases were predicted and tested, and compared
with other models.The results show that compared with the multi-machine learning
model and the self-excited point process model, the long short-term memory crime
prediction model constructed in this paper has better prediction accuracy and

robustness.

Key words: crime prediction ;police big data ;burglary ; RNN ; LSTM
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